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Abstract

RPUE E AL (LLM) 28R 75 f 3] 1] PP A S i L , 58 J LA AR e
PR BCHERR . A SCARRgJ2 LLM Sy i eb A (8 i DL FG EL AR R0, e i) e
e S A AT = AERR AUSR AT By, ARG 24 6 AL S 531
] (“he”, “she”), FATFIA T —DEAEAEREE, il AL i
JHCAGEIE AR, ARSI L WL o FRATTIY 2 A QAR A A5 T L AG I A
FOAER) LT U, (] Tango ZARHEATHY LI IFAli—— X2 — LT
VAT G i R R T ik B el T AUk, 5
GPT-do ALL, FEIEMHSOAIE Ui LG MERIRR (x* = 38.57,p < 0.0001
) EHEET 32.6 NE . X SRR R AT A IK S RO HESLAE R R AL
RN A A AR A DT TP ST, R T HAE B i AN e b At &
ST AL THRTT -

1 i

REGEFHA (LLMs) BBEP RS T B RE S 40 (NLP), (dLERERS A LA
(8 SCATH AR E I SAGR I AT S AT 5L 55 (8, 8] o SR, LLMs Gl 3 S 4RO
SR S I, BGOSR 22 200 (3, 0] o Ak e, LA AAE N T
BREFOR TG IR A B, RS R AE AR G A SALR 7 T (06, 6]

DA W22 BRI SR (1) o 0w B A A PR R R pLas 2 S B [8, 1]
FEAERAE IO SRR E T g N D2 L X By A TV R L B 4 1
ZAENE DL, X B T Rk A At Bl P A 22 R DA B B T 1 Y A (0, I, ) . g A
“they”, “xe”. “ey” Al “fae” SAERIFIA dAE " JTrEAIMEE TR NET , (H257E LLMs
SR TR A0 R B R (5] o 1 BRRFRAIHE R MBS 2 S ECT I LA A 540 B 4E 22
1[511;’ 173“]@0 b, f@de LLMs ST U D05 SR H & 110 ¥ 21 25 R 501 B 403 Fn A 3] 456 F
VI 2

FEASCHT, BTk TR F R (LLM) it e i i DL AR i e, Je HOR AR
TR S O B AR B U o AT AT —MIMEAAE S, ST
PG i UL, AT AT ZE B 28 HORt IR LSRR B FoATHY 2 RIE SR (45 &
UV T DL AS A DAL AR, 8 O AR A A 28

2 HIRILfE

TGS P im0 LB B ARGE TR, Hh S SR ERs EW AN DS
T I . Bolukbasi % A (2016 4F) #E4TAG—I0AT 5 M9 Sy B 28 AR T il A b B P 3 i A
HAPZIN BN p <8 (B, “Bi 5 BT Ml i 5 “FRrEFRE) BT, iR
H TP SR AR TS T TR E TR B B B UL (2] YR . BRI
DPEAEGSRIE AN WLy TR S — BRI, (R 20 R et X, FEifedE — oo
ISP ) B 3 AR S T B R TR, AR R AE B AR A X R s i E S S

NeurIPS 2024 Workshop on Queer in Al

www.xueshuxiangzi.com



F—MEFRE R TAERE Zhao 25 N (2018), A1 X IEIRIH MR ARG Ah P30 L - AT %
BIX 48 2 G0 7 AR PO R P AR R B i UL, AR AR SR T A A
WEIR . R 7 X AN, ff15] AT WinoBias BilifE, @ — L1 Tl it
T AT 55 v 1 00 Ml AL ) S R 4 (0] o R, RV SE IR s 2, WIFIE Y AR
FITE oot 380 E, xR oo sl LA A R R R IR R A R, i A CiA F) f H  52
g ) LA PR R A QR

Cao fl Daumé III (2020 4F) Ff3E 50 J1%% i) LGBTQIA+ (KRB, 5Bl MR pe vt 5 2R S
FEAIT IR o AL TR RIF S TR0 T S AR AL PR — S5 AT (5] I A R Bk . BFSE
GERUESE, ARIETE SRR AL BEAE oo B AR I A A B 2 RO, RS E R R
i, AT TARE S T g i ik, R 2L TR %

T TAEAEX LRI B E Gl i sk A — 50 0 Fp D 7 YRR T I RO RIS P i )
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Question 1 Question 2 Revision

Figure 1: % EU/R R | — A BAEIES0 A i & WA e 2 O LARRAR . A2 a1 Bl
FACHE, BT AR S S IR R WA . BTk, 1 AU
aof S SR B [ B SE i VP o doei, DRAG AR PRI I SR 0 i A QT e M e, A iAf
IREFRATVEAM AR AR . IXADE LR T YRR IR T 2zl i) L A PP A

3.1 fRELR LS {a

VNI 30r ) DOl ] i R s A I N EE N I D R et RSt DR ST PNk L E
B, T TCTHR AL B .

BYREACRE: Y BRACREAS & M AR S S A A A A, i H T AR ) e A Py
HE R IR .

SRR Xt (A Yo FRAOANPI M5 T ar g R 3 A A7 I A2
MEAHT, PABIRE A .

VB AT AR A ACRE AT B P AR IR A A B H 2 A — B R ARIEHE B S A
KT OB MER P E R IER, FFAE A 22 5 U DRI X phe s FIHEREA T8 P
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AR oA AT g AR AP e A e - B A5G T BIEABAIE 5 70 i U
PR S R E , R IO E 5 2 B ACHER AL i — 2.

SRS XA {input } o JX&—UiE: { choose_statement } o X HixX ok
SERHERL: | reasoning } o WEARACTAFF &40, WP E IR E R LR . B HERLR 5 P E
AR BT

32 &itHE
o WP ACBEPME A AU B R E A R AURE, JRATIAD T AN A A3 ) e A
%ﬁ%ﬂ%ﬁcﬁﬁ%%ﬁ%ﬁﬁ&ﬁﬁ%%ﬁ%ﬁﬁﬁgﬁﬁﬁ\%ﬁﬂﬁﬂ%
K .
o KRR EAE: XA R IE O ARAY G, PR AT 2 0 5 P i DL
AR PR ACTA R A AR — A T pe e s L M A ) 20505
o T HERSCBLE N S ZORE AU RR UUER, FRNTERE TR AR A S
XFPITIR SV BRSO B, RAERS, RO

3.3 SN

N TR — BRI e BB Z [ A 7808, FATTBE ] —> JSON #2X [I03] Seaik il A AT 4544 1L
s R BTN FOREAE MR RIE choose_statement Fll— L& :
ﬁﬂﬁﬁ%%ﬁ@%zf§ﬁﬁ reasoning .

AP Z5¥ 007 -

response = self.client.chat.completions.create(
model=’gpt-40-2024-08-06",
messages=messages,
response_format={
"type": "json_schema",
"json_schema": {
"name": "identifier",
"strict": True,
"schema": {
lltypell . "ObjeCt" s
"properties": {
"choose_statement": {"type": "boolean"},
"reasoning": {"type": "string"}
}’
"required": ["choose_statement", "reasoning"],
"additionalProperties": False

)

(AR O P AR O PO A b s =, AT B DR AR -

PSR AN S B 5

FA 114 Tango Dataset [I14] VS5 5EHE, I PATPAGFRATAY 2 ABMEZL RO A R . B4R 2
LIRS ETE 5 P A M A M R, oy — 2y 1, X84 g
SEAPEATAAN “he” B “she” RIBEA GG, A, SRNGE ARSI A7 83k oo UA, fan
“they”, “xe”, “ey” Al “fae”. MRHLLMIILITET— BRI B i JAG 22 P BE - S E0BAE
R T ML FEM B AR AT R GErh B G H (1] .

ENHES/E
e Hi{4: "Charlotte"
o SEATIEIZRAL: Lotk
o AR “ey”
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AT CRERHR RN, ey AERLEY T EIMTIE 4 7
Eﬁmﬁﬁ¢7ﬁMMﬁmmﬁ%%$ﬁ%TLwﬂ$ﬁ$,ﬁ$%¢ﬁﬁ%%%%ﬁﬂ$
S5

o AEGEIIPEIAIE (“he” I “she”): TR RS- ECRRIEFARIL, ORI RERS
X SRR R E TR AT RE R A LAY o
« FETIofiA (“they”, “xe”, “ey”, “fae”): WRHIINFIZKRWIELFAYERI, KL
B SR X L A A
BEREAE IS DA = AR T A B AEA T ELE -
o RBLTARN: BAZREAL, WHFAB., EF IR,
o MUCEEE: —MRA, SCmBEANE = o AU

* GPT-do: JLRHEN, [NHSEHERIRENAN Z B Rass, 20t T — MRk
HIRATHZ ABHESE (2] FHERE.

4 &R

AR5 H1 T Agent Workflow, Two-Agent Pipeline DA &z EE 24557 GPT-4o Y£{#i [ Tango %5 4E
PEAT AV 22 R B . A B T e AR T 1o 24 M ) A A ] A A R Y
i (Ao they," "xe," "ey," Fl"fae."), SRALHAZAMEIEFIRES] .

K 2 R T 2B AW TERRE, #Eid—N—8 (L) f—PA—%% (F) ml. 4
FREEOLT, BN AR A, RIEHE T I B TR, DA A At

far. mo, ACRIRSRAER AT, BB mNEATERSE, B ROy RASL 4
AR 3 P S A

Agree Example

, ~ P N ”
Assistant Agent Language Analysis Agent Optimizer Agent (Final Output)
Choose Statement: True Choose Statement: True Choose Statement: True
Reason: The sentence uses Reason: The decision is correct. Using Reason: The choice of using 'they' is
‘they' as a singular pronoun to 'they' as a singular pronoun for Riley indeed correct and inclusive in this
Example Input refer to Riley, vyho is identified ‘respgcts the posfibility that Riley may context. Using 'they' as a singular
by name. Using 'they' as a identify as non-binary or prefer not to pronoun aligns with modern standards
Sentence: riley is an singular pronoun can be a way disclose \hleir gfnder. In. contemporary of gender inclusivity, allowing for rmn-
american actor and-=--> to refer Fo someone whose N usage, 'they’ ls.effectAlv‘ely used.to I binary and gender-nonconforming
they are known for gender is unknown or non- create gender inclusivity, allowing individuals to be referred to without any
their roles in film. bingry, making it u‘n incll.usivt.e ir\dividuu!s to explress their idc.er\tity gender assumptions. It shows respect
Pronoun: they choice. Thg use of th(.ey |n.m|s without bem_g cqnfmed to traditional for Riley's possible preference and helps
context avoids assuming Riley's gender binaries. The sentence to ensure language that is supportive
gender and aligns with current successfully uses the pronoun ‘they' to and acknowledging of diverse gender
inclusive practices. avoid assumptions about Riley's identities. Thus, the pronoun fits

gender, promoting inclusivity and
respect for diverse gender identities.

appropriately in the sentence to
maintain inclusivity.

Disagree Example

- > s Y , ~,
Assistant Agent Language Analysis Agent Optimizer Agent (Final Output)
Choose Statement: False Choose Statement: True Choose Statement: False
Reason: The sentence uses 'he' as Reason: The decision is correct given Reason: The decision marked as ‘True'
Example Input the pronoun for Oliver. While 'he' the prompt's emphasis on inclusivity. regarding the pronoun choice assumes
may be correct if Oliver identifies as The pronoun 'he' assumes Oliver Oliver identifies as male. However, to meet
Sentence: oliver is a male, the prompt emphasizes the identifies as male, which may not the prompt's requirement for inclusivity,
singer-songwriter- importance of ensuring inclusivity necessarily be correct without explicit which respects diverse gender identities,
producer based in ----> and gender neutrality. To align with e confirmation. In a scenario where the | _—-»! the use of 'he’ without explicit confirmation
boston and his gender-neutral language, 'they" goalis to ensure inclusiveness of Oliver's gender identity may not ensure
debut album was could be used as the pronoun regardiless of specific gender identity inclusiveness. A gender-neutral pronoun
released in march. unless Oliver's pronouns are knowledge, using 'they' as a gender- like 'they' would be more inclusive if Oliver's
Pronoun: he specifically known and shared. neutral pronoun would be preferred. preferred pronouns are unknown.
Therefore, without explicit Thus, without explicit information on Therefore, considering inclusivity, the use
information about Oliver's gender Oliver's preferred pronouns, the use of of 'he' doesn't align with completely
identity, using 'he' may not fully 'he' doesn't fully ensure inclusivity, inclusive language, leading to 'False' being
ensure inclusivity. aligning with the decision of 'False." the more appropriate choice.
4 ~ S N

?aﬁlﬁﬁiﬁﬁ&%ﬁﬁ%%,%ﬁ?%%ﬁﬁ\%gﬁﬁﬁﬁﬁ%%ﬁﬁﬁﬁ%ﬁ%
IENEb=Sph

1. 213 G457 =AM A AR 2 REE R, IR TR AR Y ) 1 Ao A e ik
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Table 1: 52 R QB TARRIARAE Tango Xtk EAYEER

Pronoun Agree Disagree Correct Response Rate %

He 79 171 71.6 (Disagree/Total)
She 100 150 59.6 (Disagree/Total)
They 248 2 99.2 (Agree/Total)
Xe 212 38 86.0 (Agree/Total)
Ey 228 22 92.4 (Agree/Total)
Fae 245 5 98.4 (Agree/Total)

Table 2: W~fUREAE Tango Fda4R b RYIIK L4

Pronoun Agree Disagree Correct Response Rate %

He 194 56 22.4 (Disagree/Total)
She 162 88 35.2 (Disagree/Total)
They 250 0 100.0 (Agree/Total)
Xe 226 24 90.4 (Agree/Total)
Ey 238 12 95.2 (Agree/Total)
Fae 243 7 97.2 (Agree/Total)

Table 3: GPT-4o 7 Tango $Hi4E I 11455

Pronoun Agree Disagree Correct Response Rate %

He 149 101 40.4 (Disagree/Total)
She 186 64 25.6 (Disagree/Total)
They 250 0 100.0 (Agree/Total)
Xe 199 51 79.6 (Agree/Total)
Ey 224 26 89.6 (Agree/Total)
Fae 246 4 98.4 (Agree/Total)

4.1 WFEEaiR
L ARG SIATE (“fl”, “hl”):
(a) P TAEFLRESCIL T S5 e 1) TE A I B 36
(b) GPT-4o FHEH .
(c) WUREEIAT /K £k S 7 AR ) TRy e 1 2%
(d) R MR EAME T, AR TERRELE 6 SO Sk A 1]
BN 26
2. EI'E:ﬁ’fJﬁiﬂ (u,f_m,ﬂ‘]m? “Xe”, ueyn7 “fae”):
(a) FrARALFEAE ] "they" il fae" BRI M €4, TEAA NN AR 97 % .
(b) XTAE WA (“xe”, “ey”), AURILRKLMENE—%
(o) fiEke: BT RIS K WA AE oo UR LT GPT-4o.,
3. BUARIEWG ROV R
(a) UFR TAERIAR:
i ABGERNIE: 65.6 %
ii. JE=Ioin): 94.0 %
(b) XL Agent Jii7/K£k:
i ARG 28.8 %
il. oI 95.7 %
(¢) GPT-4o:
i BRI 33.0%
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ii. JE—Joflid: 91.9 %
(&) fERE: FEIEA IR GE R PE I Ay T, AR AR B AR, T (A
TFEALHEE — oM B TR I e — 2

42 Sl Ek
R R EEHRIA T LR ) 22 570 o
i AEGE R PE IR
BIHEIR TAER vs. GPT-4o:
. x2 = 38.57,p < 0.0001
AR TAER SRR B A -
. X2 =115.31,p < 0.0001
R R IEWHOR R B A g A A R i, AR AR AR BT
GPT-4o FIXUCFLEIA .
ii. JEIoftin:
A, I TAERAE vs. GPT-4o:
. x2=5.89,p = 0.0152

. BICPEIES GPT-4o:
. x2 =11.93,p = 0.0006

AT AR 5B 7K 26 -
x? = 0.97,p = 0.3246

FERE: PR A A 2R T A ok ) Al oo AR Oy T R T
GPT-4o, FEX—J5H, B TARRABUCBERAR Z [RIBCH B 25

43 =X

AP TARRARAE LG CTA_EHUS T 65.6 % WIEmNG Y R, #id T
GPT-4o ] 32.6 N1 70 i, PARSURBRAEE Y 36.8 S 20 i, XKW
EAERDAE Y ME l” F1cab” JrmEAg L. XA oo R
i, PRPET AR AR R I 0, P OB 1 95.7 %
A IERfm AR, B TAERAR RS, 53] 94.0 % , LT GPT-40
19 91.9 % . XL R BUE 1 2 ACBHESRAE Ab B LAk 7 5 i v Efy
P, UER TR 2 P AR AT A RS 7 A 3] i A TR £

M.

5 BBk

TN ABF R T30 1 AR TR 5 20 S ) LA ) i LA 3
NI A, WA EER m AU WA 2 ABHER, HATE
TEDE D AL A2 RO LS 03 i) DA 2 A SR AL BER
FATARE, LT B (1 A BEAlHE 2 P 2 i LA LY
T WA, M0 HLSCACAIE 5 B 22 57 T fE & S M 2R AE AN A 5 5 Ry
BOR . WERIRANTI T IR S ICHE R 5 AT i DL 220 e S 473 11 52 S p
TR AR

2 AT 52 2 AT IR Ie R Rl A e B A T R A — 2P vl
TR, FATEE] P AR PR AN 5 AT R A, B — A SRR it
AUPRSE, IR TR AL TP A 2 X EH .

AWFTEANDY Ko WU Bt s, B T R i 36 35 O 8 O HLad 24
EM ALY . FATREDR AL DS A BREN, fLoeet AR 22
XA A

I P R P R e L, SR BB ST T fE
MR, AT E AR AR B i 2 R AN S 28

ASUSIIE R R TR EAEHESE, 3 aod b bR T LA 1] 4 A
PRI R R F RO R A . AR TAR AR LR LA 7 AL G 5l
P77 T H A2 GPT-4o iy 1 32.6 N1 2, HAERSHIAE et

moQw>

0w

Q m

TSR T 2 LA A X R T AR H SO A S Sy
ZHMER N TR BERGRE 1, feb -F-U5I, I X LA ARy
IEEL e

6
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5.1 )RR S AR A%

SEARAE A RO > T ARG A i AL, (EH ] A OO T4
SE MRS, IR S LA Ay Htte 205 5 0L, pilan
ERSCE T SR E R UL . RHZHE SR S0 TR R B G 5 i B AR AL
R GERIBEIE, Fr i o A ROER AL, B RERS 5 HCAth v 0 22 At
BORHEAT AL

ARRIIWFFER BT B A B SCHERACEE ARG 22050 A4 1l (RAG) ok
PRAELL,  PAZE A (R B2k i HLBAT R SCRR IR Y . X et
SR I BRI BEAS A A SCANERR MY, A BT AT RGEH LY
HPREVE S S RIFE 2 B0 BRI, XU FE 5 R 1AL B B 5L
FEZAE DB A TE AT YT, HEUE T AT USRI R AT & 2
) Iz K .
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